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Abstract: Objective: This study aimed to investigate the underlying mechanisms of breast cancer metastasis patterns
through a transcriptomic analysis of breast cancer with organ-specific metastasis. Methods: (1) Breast cancer cell
lines capable of specific lung and bone metastasis were constructed using the PyMT-1 cell line. (2) The IVIS imaging
system was employed to screen cell lines with robust specific metastatic capabilities. (3) Transcriptome sequencing was
conducted on the resultant breast cancer cell lines exhibiting specific metastasis. (4) The transcriptome sequencing data
were analyzed to identify pathways influencing specific metastasis in breast cancer. (5) Validation of pathway-related
genes through PCR detection. (6) Clinical validation of differentially expressed genes in paraffin specimens. Results:
(1) The IVIS system confirmed the specific metastatic abilities of PyMT-1, Py-L1, Py-L2, Py-B1 and Py-B2 tumors.
PyMT-1, Py-L1 and Py-B1 were chosen for further experiments. (2) Following transcriptome sequencing, differentially
expressed genes were identified and enrichment analysis was conducted. Pairwise comparisons among the three cell
lines revealed 917 differentially expressed genes between PyMT-1 and Py-L1 (including 641 upregulated and 276
downregulated genes); 4131 differentially expressed genes between PyMT-1 and Py-B1 (including 2158 upregulated
and 1973 downregulated genes). Conclusions: This study analyzed the genetic background related to breast cancer-
specific lung and bone metastasis at the transcriptome level. Obtained the corresponding differential expression profiles
and potential functional pathways involved. Demonstrated the promoting roles of CCN2 and ITGB6 in breast cancer

lung metastasis, and the promoting roles of CD44 and THBS1 in breast cancer bone metastasis.
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1. Introduction

According to the epidemiological data statistics on various types of cancer released by the International
Agency for Research on Cancer (IARC) under the World Health Organization in April 2024, breast cancer




(with an incidence rate of 11.6%) is the most common cancer among women and the fourth leading cause of
cancer-related deaths. The incidence of breast cancer among Chinese women is increasing year by year ',
According to the latest statistics, the age-standardized incidence rate of breast cancer in China is 39.10 per
100, 000 . Compared to the past, with improvements in early diagnosis and treatment of breast cancer, the
disease-free survival period and overall survival period of patients have significantly increased. Although the
mortality rate of cancer has decreased I the incidence of breast cancer is on the rise, with distant metastasis
being the primary cause of high mortality in breast cancer patients, accounting for over 90% of cancer deaths
due to metastasis of breast cancer.

Due to the current poor efficacy of metastatic breast cancer treatment and the lack of early prediction
methods to determine which organs are prone to metastasis, patients with metastatic breast cancer often have
a poor prognosis. Therefore, exploring the mechanisms driving breast cancer-specific metastasis is of great
significance for identifying new biomarkers and therapeutic targets.

2. Materials and methods

2.1. Experimental materials

PPyMT-1, Py-L1, Py-L2, Py-B1, and Py-B2 cells were obtained from the School of Translational Medicine,
Zhejiang University. Female C57BL/6 mice aged 8 weeks were purchased from Jiangsu Jicui Kang
Biotechnology Co., Ltd., with an experimental animal production license number: SCXK (Su) 2018-
0008. The experimental protocol was approved by the Experimental Animal Ethics Committee of the
First Affiliated Hospital, Zhejiang University School of Medicine, with ethics approval number: (2024)
Experimental Animal Fast Review No. (687).

With the approval of the ethics committee, clinical and pathological information from 38 patients with
invasive ductal carcinoma (IDC) at Baoding First Central Hospital from 2016 to 2023 was collected, with
ages ranging from 30 to 68 years and an average age of 51.6 years. Paraffin-embedded tissues included both
adjacent and cancerous tissues: 25 cases without distant metastasis, 7 cases with lung metastasis, and 6 cases
with bone metastasis. All sections were reviewed and verified by two senior pathologists according to the
latest edition of the “WHO Classification of Tumours of the Breast.”

2.2. Acquisition of Py-L1, Py-L2, Py-B1, and Py-B2 tumor cells

In vitro cultured and amplified PyMT-1 tumor cells were inoculated into immunodeficient mice (nude mice):
cell lines capable of lung metastasis (Py-L1, Py-L2) were screened through tail vein injection, and cell lines
capable of bone metastasis (Py-B1, Py-B2) were screened through left ventricular injection. The tumor-
specific metastatic ability of Py-L1, Py-L2, Py-B1, and Py-B2 cells was verified using the IVIS system.
Groups with better tumor formation were selected for subsequent experiments.

2.3. Transcriptome sequencing of Py-L.1, Py-L2, Py-B1, and Py-B2 tumor cells

Total RNA was extracted from Py-L1, Py-L2, Py-B1, and Py-B2 tumor cells for sequencing and information
analysis. The acquired whole transcriptome expression files required processing steps such as raw data
filtering, sequencing error rate checking, and GC content distribution checking, with the final data

summarized.
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2.4. Transcriptome data analysis

2.4.1. Differential gene screening

First, genes were filtered based on the mean count values, retaining only those with mean counts > 2 in
each group for subsequent analysis. The R package DESeq2 was used to normalize the count data across
all samples and to calculate the fold changes. Differential expression between the two groups was then
statistically tested. Finally, protein-coding genes were selected as differentially expressed based on the fold
change and significance test results. In this study, the screening criteria were defined as adjusted P-value
(g-value) < 0.05 and |logz(fold change)| > 0.5. The differentially expressed genes were visualized using
volcano plots and heatmaps.

2.4.2. Functional analysis of differential genes

ClusterProfiler software was used to perform GO enrichment analysis and functional annotation of
differential genes to investigate the biological roles of significantly differentially expressed genes in the
study. KEGG pathway analysis was also conducted to identify the most important pathways with significant
changes in the study samples. The differential gene set consisted of genes that were significantly differentially
expressed and annotated to the GO or KEGG databases, while the background gene set consisted of all genes
subjected to significant differential analysis. To assess pathway differences among different subsets, Gene Set
Enrichment Analysis (GSEA) was also performed.

2.5. Validation of differentially expressed genes
The qPCR method was used to validate the expression of differential genes in cell wax blocks from 38
patients at Baoding First Central Hospital.

3. Results

3.1. Validation of cell metastatic ability

PyMT-1, Py-L1, Py-L2, Py-Bl, and Py-B2 cell lines were injected into mice via tail vein injection, and
the growth of cancer foci in mice was observed at 7, 14, 21, and 28 days. The results showed that the
fluorescence signal intensity and range at the tumor formation sites in mice in the Py-L1 and Py-B1 groups
were significantly higher than those in the Py-L2 and Py-B2 groups (Figure 1). Therefore, Py-L1 and Py-B1
were used as breast cancer-specific metastatic cell lines for subsequent transcriptomic analysis in subsequent
experiments.
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Figure 1. Verification of the metastatic ability of Py-L1 and Py-B1 cells.*indicates P < 0.05, ** indicates P < 0.01.

3.2. Transcriptome analysis results of PyMT-1, Py-L1, and Py-B1

3.2.1. Transcriptome data analysis results and validation of PyMT-1 and Py-L1

3.2.1.1. Analysis of differentially expressed genes

In this study, the DESeq2 R package (v3.6.1) was used to analyze differentially expressed genes from the
quality-controlled transcriptome data. A total of 917 differentially expressed genes were identified, including
641 upregulated genes and 276 downregulated genes. The visual volcanic plot is presented below (Figure 2).
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Figure 2. Volcano plot of differentially expressed genes between PyMT-1 and Py-L1.
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3.2.1.2. Enrichment analysis of differentially expressed protein-coding RNAs

As mentioned earlier, a total of 917 differentially expressed protein-coding RNAs were identified between
the PyMT-1 and Py-L1 groups. GO, KEGG enrichment analyses, and GSEA were performed on the
differential gene sets.

3.2.1.2.1. Results of GO functional enrichment analysis

After screening for differentially expressed genes, GO functional enrichment analysis was performed and
described from three aspects: biological process (BP), cellular component (CC), and molecular function (MF).
A threshold of P < 0.05 was used to identify significantly enriched GO terms. The enrichment results were
visualized as bubble plots, as shown in Figure 3.

Compared with PyMT-1 cells, the upregulated (Figure 3A) and downregulated (Figure 3B) GO
pathways in Py-L1 cells are presented. The x-axis represents GeneRatio, defined as the number of genes
enriched in a specific pathway divided by the total number of genes in the input gene set. The y-axis
represents the specific biological pathways. The size of each bubble indicates the gene count (i.e., the
number of genes enriched in the GO term), with larger bubbles representing more genes. The color of each
bubble represents the significance of the pathway, expressed as the negative logarithm of the P value (—
logio(P value)), with redder bubbles indicating more significant P values.
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Figure 3. GO pathway analysis of differential genes in PyMT-1 and Py-L1 cells.
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3.2.1.2.2. Results of KEGG pathway enrichment analysis

KEGG is a comprehensive database that integrates genomic, chemical, and systemic functional information.
KEGG ' pathway enrichment analysis can identify significantly affected metabolic and signal transduction
pathways. A significance enrichment threshold of P < 0.05 was used for KEGG pathway enrichment, and the
top 10 significantly enriched pathways were selected. The visualization of the enrichment results in a bubble
plot is shown below (Figure 4).

Compared to PyMT-1, the KEGG pathways that are upregulated (Figure 4A) and downregulated (Figure
4B) in Py-L1 cells are depicted; the x-axis represents the ratio of the number of differentially expressed
genes annotated to the KEGG pathway to the total number of differentially expressed genes, while the y-axis
represents the KEGG pathways. The size of the bubbles indicates the number of genes enriched in the KEGG
pathway.
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Figure 4. KEGG pathway analysis of differential genes in PyMT-1 and Py-L1 cells.

Based on the aforementioned pathway analysis, it can be observed that the differential genes between
PyMT-1 and Py-L1 are primarily associated with cellular activities such as extracellular structural
organization, extracellular matrix, as well as signaling pathways including PI3K-Akt, focal adhesion, and
ECM-receptor interactions.

GO functional enrichment analysis of the differential genes revealed that among the genes upregulated
in Py-L1, the most representative functional genes are primarily involved in biological processes such as
extracellular matrix organization (ECM), skeletal system development, connective tissue development,
positive regulation of cell migration, and angiogenesis. Conversely, the downregulated genes are mainly
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associated with processes such as antimicrobial humoral response, antimicrobial peptide-mediated humoral
immune response, humoral immune response, sodium-potassium-calcium ion transport, and mucosal immune
response.

In KEGG pathway enrichment analysis, the upregulated differential genes were primarily associated
with pathways such as focal adhesion (an important connection point between cells and the extracellular
matrix, involved in signal transduction and processes like cell migration and growth), ECM-receptor
interaction (the interaction between the extracellular matrix and cell surface receptors is crucial for cell
adhesion, migration, and signal transduction), protein digestion and absorption, PI3K-Akt signaling pathway,
human papillomavirus infection, cancer-associated proteoglycans, and calcium signaling pathway. The
downregulated differential genes were mainly associated with pathways such as cytokine-cytokine receptor
interaction, Staphylococcus aureus infection, herpesvirus infection, and chemokine signaling pathway.

3.2.1.2.3. Pathways upregulated in Py-L1 cells as revealed by GSEA analysis
GSEA analysis results indicated that the differentially expressed genes were primarily enriched in pathways
related to extracellular tissue structure and connective tissue development (Figure 5).

When analyzing the enrichment degree of gene sets, the peak of the ES (Enrichment Score) can be
observed. The peak of the green curve reflects the maximum enrichment degree of the gene set. A positive
peak indicates a positive enrichment of gene sets related to extracellular tissue structure and connective tissue
development in Py-L1 cells, with the core genes of the relevant pathways being those preceding the peak.
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Figure 5. Up-regulated pathways in Py-L1 cells compared to PyMT-1.

3.2.1.3. Real-time fluorescent quantitative PCR detection of differential gene expression levels in
PyMT-1 and Py-L1

To further validate the transcriptional levels of genes related to the ECM-receptor interaction and cytokine-
cytokine receptor interaction pathways in breast cancer-specific lung metastasis, qQPCR experimental
techniques were employed to detect differences in the transcriptional levels of genes associated with these
two pathways in PyMT-1 and Py-L1. The results are as follows (Figure 6). In Figure 6A, compared to
PyMT-1, the expression levels of genes related to the ECM-receptor interaction pathway, namely Cellular
Communication Network Factor 2 (CCN2), COL1A1, and ITGB6, were all elevated in the Py-L1 cell line.
In Figure 6B, compared to PyMT-1, the expression levels of genes related to cytokine-cytokine receptor
interaction, namely CXCLS5, TNF, and CXCR4, were all decreased in the Py-L1 cell line.
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Figure 6. PCR validation results of up-regulated and down-regulated pathways in Py-L1 cell lines compared with
PyMT-1.*indicates P < 0.05, ** indicates P < 0.01.

3.2.1.4. Clinical validation of differentially expressed genes

Among the 38 cases of IDC tissues, the significantly highly expressed genes CCN2 and ITGB6 identified in
Py-L1 cells were validated. The results are as follows (Figure 7): Compared to breast cancer tissues without
metastasis, the expression levels of the lung-specific metastatic genes CCN2 and ITGB6 were significantly
elevated in breast cancer tissues with lung metastasis (P < 0.05), while there was no significant change in
their expression levels in breast cancer tissues with bone metastasis.
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Figure 7. The expression levels of CCN2 and ITGB6 are elevated in breast cancer with lung metastasis.*indicates P <
0.05, and ns indicates no statistical difference.

3.2.2. Results and validation of transcriptome data analysis for PyMT-1 and Py-B1
3.2.2.1. Analysis of differentially expressed genes

A total of 4, 131 differentially expressed genes were identified, including 2, 158 upregulated genes and 1,
973 downregulated genes. The visualized volcano plot is shown below (Figure 8).
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Figure 8. Volcano plot of differentially expressed genes between PyMT-1 and Py-B1.

3.2.2.2. Enrichment analysis of differentially expressed protein-coding RNAs

As previously mentioned, a total of 4, 131 differentially expressed protein-coding RNAs were identified
between the PyMT-1 and Py-B1 groups. GO, KEGG pathway enrichment analysis, and GSEA analysis were

performed on the set of differentially expressed genes.

3.2.2.2.1. Results of GO functional enrichment analysis

After screening the differentially expressed genes, the visualized bubble plot of the GO functional enrichment

analysis results is shown below (Figure 9).
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Figure 9. GO pathway analysis of differential genes in PyMT-1 and Py-B1 cells.
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3.2.2.2.2. Results of KEGG pathway enrichment analysis
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Figure 10. KEGG pathway analysis of differential genes in PyMT-1 and Py-B1 cells.

Through the aforementioned pathway analysis, it can be observed that the differentially expressed
genes between PyMT-1 and Py-B1 are primarily associated with cellular activities such as angiogenesis,
chemotaxis, positive regulation of cell adhesion, epithelial cell proliferation, and positive regulation of
epithelial cell migration, as well as pathways including proteoglycans in cancer, focal adhesion, ECM-
receptor interaction, cytokine-cytokine receptor interaction, and the PI3K-Akt signaling pathway.

GO functional enrichment analysis of the differentially expressed genes revealed that among the genes
upregulated in Py-B1, the most representative functional genes are primarily involved in biological processes
such as angiogenesis, chemotaxis, positive regulation of cell adhesion, epithelial cell proliferation, and
positive regulation of epithelial cell migration. Conversely, the downregulated genes are mainly associated
with processes such as epithelial morphogenesis, gland morphogenesis, negative regulation of cell adhesion,
ossification, and axon guidance.

In KEGG pathway enrichment analysis, the upregulated differentially expressed genes are primarily
related to pathways such as proteoglycans in cancer, focal adhesion, ECM-receptor interaction, cytokine-
cytokine receptor interaction, PI3K-Akt signaling pathway, efferocytosis, axon guidance, and cell adhesion
molecules. The downregulated differentially expressed genes are mainly associated with pathways such

as synaptic guidance, ECM-receptor interaction, cytokine-cytokine receptor interaction, cell adhesion
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molecules, and microRNASs in cancer.

3.2.2.2.3. Pathways upregulated in Py-B1 cells as revealed by GSEA analysis
GSEA analysis results indicate that the differentially expressed genes are primarily enriched in pathways

related to embryonic skeletal system development and fibroblast growth response (Figure 11).
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Figure 11. Up-regulated pathways in Py-B1 cells compared to PyMT-1.

3.2.2.3. Real-time fluorescent quantitative PCR analysis of differential gene expression levels in
PyMT-1 and Py-B1

To further validate the expression levels of genes related to the proteoglycans in cancer and miRNA pathways
in cancer, specifically in the context of breast cancer-specific bone metastasis, qPCR experimental techniques
were employed to detect the transcriptional differences of genes associated with these two pathways in
PyMT-1 and Py-B1. The results are presented as follows (Figure 12). In Figure 12A, compared to PyMT-
1, the expression levels of genes related to the upregulated proteoglycans in cancer pathway, namely
CD44, THBS1, and CAV1, are all elevated in the Py-B1 cell line. In Figure 12B, compared to PyMT-1,

the expression levels of genes related to the downregulated miRNA pathway in cancer, specifically ST14,
DNMT3A, and DNMT?3B, are all decreased in the Py-B1 cell line.
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Figure 12. PCR validation results of up-regulated and down-regulated pathways in Py-B1 cell lines compared with
PyMT-1.*indicates P < 0.05, ** indicates P < 0.01.

3.2.2.4. Clinical validation of differentially expressed genes

In 38 cases of invasive ductal carcinoma (IDC) tissues, the significantly highly expressed genes CD44 and
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THBSI1 identified in Py-B1 cells were validated. The results are as follows (Figure 13): Compared to breast
cancer tissues without metastasis, the expression levels of the bone-specific metastasis genes CD44 and
THBS1 were elevated in breast cancer tissues with bone metastasis (P < 0.05), while their expression levels

remained unchanged in breast cancer tissues with lung metastasis.
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Figure 13. The expression levels of CD44 and THBSI are elevated in breast cancer with bone metastasis.*indicates P <
0.05, ns indicates no statistical difference.

4. Discussion

According to the epidemiological data statistics for various types of cancer released by the International
Agency for Research on Cancer (IARC) in April 2024, breast cancer stands as the most prevalent cancer
among women and ranks fourth as a cause of cancer-related deaths. Distant metastasis is the primary
contributor to the high mortality rate associated with breast cancer, with over 90% of cancer deaths attributed
to metastatic spread. The expression of specific molecular mediators at both primary and metastatic sites
determines the propensity of tumor cells to metastasize to particular target organs. Breast cancer exhibits
metastatic heterogeneity, favoring different organs. Recent studies have identified bone, lung, and liver
as common sites for distant metastasis in breast cancer, a phenomenon termed organ-specific metastasis.
This study focuses on mouse models of breast cancer with specific bone and lung metastases, employing
transcriptomic analysis to explore the underlying mechanisms of breast cancer-specific metastasis.

The efficiency of the metastatic process is exceedingly low, with less than 0.01% of tumor cells from
the primary tumor capable of completing distant metastasis and forming secondary lesions at distant sites ™.
Clinically established patterns of organ-specific metastasis indicate that the sites of distant metastasis are not

random but are influenced by the microenvironment of the target organ.

4.1. Biological function analysis of coding genes related to PyMT-1 and Py-L1
By comparing the PyMT-1 and Py-L1 cell lines, we identified differential genes potentially associated with
lung metastasis in breast cancer. Enrichment analysis revealed relevant signaling pathways regulating lung
metastasis in breast cancer.

Based on previous results, a total of 917 differential genes were identified between PyMT-1 and Py-L1,
including 641 upregulated and 276 downregulated genes. These differential genes underwent GO functional
enrichment analysis, KEGG pathway enrichment analysis, and GSEA analysis. Pathway enrichment analysis
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indicated that the differential genes were primarily associated with cellular activities such as extracellular
structure organization, ECM, skeletal development system, connective tissue development, and angiogenesis,
as well as pathways like focal adhesion, PI3K-Akt signaling pathway, and ECM-receptor interaction. The
activation or alteration of these pathways suggests their potential involvement in the specific lung metastasis
of breast cancer.

Subsequent PCR validation confirmed the upregulation of genes related to ECM-receptor interaction
in the upregulated pathway, namely CCN2, COL1A1, and ITGB6, which were significantly elevated in Py-
L1 compared to PyMT-1 cell lines. Conversely, genes associated with cytokine-cytokine receptor interaction
in the downregulated pathway, such as CXCL5, TNF, and CXCR4, were downregulated in Py-L1. Further
validation in clinical samples demonstrated significantly elevated expression levels of CCN2 and ITGB6
in breast cancer tissues with lung metastasis, with no significant changes observed in IDC tissues without
metastasis or with bone metastasis. This further suggests that CCN2 and ITGB6 may promote specific lung
metastasis in IDC.

The crucial regulatory role of ECM in breast cancer has been widely acknowledged. Compared to
normal breast tissue, ECM undergoes significant changes in composition and organization during breast
cancer progression. Studies have shown that proteomic analysis of ECM in breast tumors of xenograft
mouse models reveals distinct ECM compositions between tumors with high and low metastatic potential
) Current research on ECM in breast cancer metastasis is relatively thorough. For instance, Tenascin C
(TNC), a cellular matrix protein in ECM, interacts with cell surface receptors and ECM proteins. In the
breast, TNC expression is associated with mammary gland involution and breast cancer development ", In
breast cancer cells, TNC is regulated by microRNA miR335 ., Metastatic breast cancer cells with a high
propensity for lung metastasis often exhibit a loss of miR335 expression, leading to TNC upregulation. The
mechanism may involve TNC sequentially activating macrophages and endothelial cells and generating
a pro-metastatic vascular niche in the lungs """ Therefore, TNC from different sources in the tumor
microenvironment promotes the metastatic progression of breast cancer, a finding further validated by this
study. Simultaneously, inhibiting ECM components that promote tumor progression and metastasis may
represent an effective strategy for treating breast cancer.

CCN2 regulates key biological activities such as cell growth, invasion, and migration. It modulates
the breast tumor microenvironment by promoting angiogenesis, activating cancer-associated fibroblasts
(CAFs), and inducing inflammation. The activity of CCN2 depends on various factors and varies by breast
cancer type. This factor has been shown to promote tumor progression by activating multiple signaling
pathways in breast cancer and regulating the expression of genes that facilitate migration, invasion, and
chemotherapy resistance. Studies indicate that CCN2 can promote the expression of glucose transporter 3
(GLUT3), facilitating cell survival and metabolism, and upregulate VEGF expression to drive angiogenesis,
supporting tumor growth ""'*. This study found that CCN2 expression was upregulated only in IDC with
lung metastasis, suggesting its potential as a specific lung metastasis marker.

The pre-metastatic niche (PMN) generated by primary tumors in specific target organs is crucial for the
subsequent colonization and metastasis of tumor cells, involving vascular permeability and angiogenesis,
immunosuppression, inflammation, and organ specificity '"*!. The initial stage of PMN formation is
characterized by angiogenesis and vascular permeability. Several PMN biomarkers related to angiogenesis

and vascular permeability have been reported to aid in the diagnosis and treatment of metastatic cancer.
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For example, cancer-associated fibroblasts (CAFs) are the primary stromal component of the tumor
microenvironment 'Y, CAFs not only promote cancer growth and metastasis by secreting cytokines and
exosomes and synthesizing and remodeling the extracellular matrix ">'” but also play a major role in
angiogenesis by secreting cytokines "'"'¥. AKT is a key factor in the PI3K-Akt signaling pathway. Three
different AKT isoforms, namely AKT1, AKT2, and AKT3, are currently known. The PI3K-Akt signaling
pathway is frequently altered in breast cancer patients. AKT typically promotes proliferation by regulating
the cell cycle and prevents apoptosis by inhibiting pro-apoptotic proteins and promoting anti-apoptotic
signals. Some studies have confirmed the anti-metastatic and anti-migratory abilities of AKT1, independent

of breast cancer subtype "

4.2. Biological function analysis of coding genes related to PyMT-1 and Py-B1

By comparing the PyMT-1 and Py-B1 cell lines, we identified differential genes potentially associated with
bone metastasis in breast cancer. Enrichment analysis revealed relevant signaling pathways regulating bone
metastasis in breast cancer.

Based on previous results, a total of 4131 differential genes were identified between PyMT-1 and
Py-B1, including 2158 upregulated and 1973 downregulated genes. These differential genes underwent
GO functional enrichment analysis, KEGG pathway enrichment analysis, and GSEA analysis. Pathway
enrichment analysis indicated that the differential genes were primarily associated with cellular activities such
as angiogenesis, chemotaxis, positive regulation of cell adhesion, epithelial cell proliferation, and positive
regulation of epithelial cell migration, as well as pathways like proteoglycans in cancer, focal adhesion,
ECM-receptor interaction, cytokine-cytokine receptor interaction, and PI3K-Akt signaling pathway. Genes
with altered expression levels in these two cell lines may be correlated with specific bone metastasis in breast
cancer.

Subsequent PCR validation confirmed the upregulation of genes related to proteoglycans in cancer in
the upregulated pathway, namely CD44, THBS1, and CAV1, which were significantly elevated in Py-Bl
compared to PyMT-1 cell lines. Conversely, genes related to miRNA function in cancer in the downregulated
pathway, such as ST14, DNMT3A, and DNMT3B, were downregulated in Py-B1. Further validation in
clinical samples demonstrated significantly elevated expression levels of CD44 and THBS1 in breast cancer
tissues with bone metastasis, with no significant changes observed in IDC tissues without metastasis or with
lung metastasis. This further suggests that CD44 and THBS1 may promote specific bone metastasis in IDC.
Studies have shown that CD44 can enhance the adhesion of metastatic breast cancer cells to bone marrow

endothelial cells !

, consistent with this study’s suggestion that increased CD44 expression levels may
promote specific bone metastasis in breast cancer.

In other pathways, periostin (POSTN) plays a crucial role in adult skeletal, dental, and cardiac
development, as well as tissue repair “*.. POSTN is known to regulate intracellular tyrosine kinase signaling,
such as the PI3K-Akt signaling pathway . Increasing evidence indicates that POSTN plays a significant
role in breast cancer progression and metastasis. Overexpression of POSTN in human breast cancer cells
induces primary tumor growth and angiogenesis in xenograft models by enhancing the expression of vascular
endothelial growth factor receptor 2 (VEGFR2) in endothelial cells **. In mouse xenograft models, mice
with bone metastasis exhibit high POSTN expression in the stroma and plasma surrounding metastatic

[26]

tumors ), POSTN has been identified as a key ECM component of the metastatic niche **, with studies
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suggesting its use as a novel biomarker in combination with CA153 and CEA for breast cancer diagnosis and
metastasis prediction 7).

By comparing the differential genes between PyMT-1 with Py-L1 and between PyMT-1 with Py-B1,
we found that angiogenesis, ECM-receptor interaction, and the PI3K-Akt signaling pathway were enriched
in both GO functional enrichment analysis and KEGG pathway enrichment analysis, suggesting that these
cellular activities and pathways may promote both lung and bone metastasis in breast cancer to some extent.

This study conducted transcriptomic sequencing and protein-coding RNA analysis on three cell lines:
PyMT-1, Py-L1, and Py-B1. Using GO, KEGG, and GSEA enrichment analyses, we predicted the biological
functions of differential genes and performed preliminary validation of some upregulated and downregulated
pathway-related genes. By collecting clinical data, we further validated the expression levels of the identified
differential genes, gaining a basic understanding of the genetic background of specific lung and bone
metastasis in breast cancer. Subsequent research can employ proteomics and metabolomics approaches to
more comprehensively investigate the specific mechanisms of breast cancer-specific metastasis, providing a
theoretical basis for the clinical treatment of metastatic breast cancer.

This study has several limitations. First, based on the findings of this study, further functional
exploration of the important differential genes is indeed necessary, followed by an in-depth investigation of
the underlying molecular mechanisms. Second, the breast cancer-specific metastasis model constructed in
this study is based on single-cell transcriptomic data, which describes cellular function at the RNA level but
does not specifically explore how the identified differential genes and related pathways function in organ-
specific metastasis of breast cancer. According to the central dogma of “DNA-RNA-protein, “ there is a lack
of data on protein expression levels, such as single-cell proteomics data.

5. Conclusion

The upregulated enriched pathways among the differential genes between PyMT-1 and Py-L1, such as
ECM, focal adhesion, and the PI3K-Akt signaling pathway, may be associated with lung metastasis in breast
cancer. The upregulated enriched pathways among the differential genes between PyMT-1 and Py-B1, such
as angiogenesis, chemotaxis, positive regulation of cell adhesion, and epithelial cell proliferation, may be
associated with bone metastasis in breast cancer.

The expression levels of CCN2 and ITGB6 are elevated in breast cancer tissues with lung metastasis,
while the expression levels of CD44 and THBSI are elevated in breast cancer tissues with bone metastasis.
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